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We Introduce HELPR: a LLM powered Human-Al Teaming framework for m During this project, we have found that TinyLlama models are more accurate for

classifying Behavioral Health Reports from Police Narratives. Police officers O categorization, but they offer very poor text generation capabilities. Mistral
spend many hours a week documenting their findings when reporting to a 911 Humtan ?*felrfe d models have a slightly lower accuracy for categorization, it has much reasoning
call. There is so much detall in these reports that they remain an untapped gtiic?;rldqltléainin% el { \ capabilities, evidenced by 92% dual annotator agreement and 96% single

resource for future data analytics by the police department. To assist the experts
and reduce the time spent reading and analyzing, we propose the use of large

language models (LLMs) to tag police reports based on their content. We l.
iIntroduce two fine-tuned models Mistral-7B and TinyLlama fine-tuned to provide

both a Behavioral Health classification and rationale behind the classification of D

Human verifies each Al- annotator agreement on the subjectivity test. Having quality text generation for
given output. If correct, the reasonings allows for text generation that can expand the training set and
it is added to the | Increase accuracy over time.

training set

Fine tuned model is
trained on new
training set

The choice of model depends on future needs. If the police only need the
category, we should further develop the TinyLlama model. However, if the police
were to use our models as a training program for future administrators, we

the report. We find that through our framework we can train models that not only

outperform the base models, but yield a high level of agreement with human

annotators. = should further develop the Mistral model as its text generation will help people

Introduction Inference initial learn more easily.
_ _ _ _ base model on O | ]

Kennesaw State University has been given four years of police reports and the training set m W Through our process we have created 6,500 more samples for training.

corresponding data to use for research. There are approximately 196,000 _ '1[‘ uned Lhatod

reports. 297 reports have been annotated by social workers to identify tags o ot e on RS X ACkﬂOWlEdgmentS

such as “Mental Health”, “Substance Abuse”, “Domestic Social”, “NonDomestic d tes instructi St dan .

Social”, and “Other”. We then trained the models using the annotated data and o g g o B ~rofessor Sharon Perry, Department of Computer Science, KSU

perforrr,1ed Human-Al teaming pairs, fine tunes model on test set Drs. Md Abdullah Al Hafiz Khan; Monica Nandan; Dominic Thomas and Yong
. ..

Because of the sensitive nature of the data, we use a VPN and a secure Gold | e"hKSLé ung. Exbert Annotator

server. The weights for all the models trained are open-source and can be Standard COSbbu?D P t’ g I' xpeD to a ‘i

hosted and stored locally, maintaining confidentiality of public information. We Dataset Obb Lounty Folice Lepartmen

have both completed the CITI training for Human Experimentation to ensure |

that we know the laws and potential issues that can occur when using personal Original Narrative COntaCt |nf0rmati0n

data, such as police reports. A4
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Research Question(s)

m Loop Generated Narrative
Using Local LLMs, can we accurately predict the Behavioral Health N Times
classification as well as give coherent reasoning for the model output?
Can we develop a usable framework for iterative development through

Human-Al teaming? | | S;'nth alic
Generated Text Dataset Hailey Walker’s LinkedIn: www.linkedin.com/in/hailey-walker-0103a1244
Methodology T l famcidniehduinpmishriosenianeivuimaciiio
- —_ o | am Stigall’s LinkedIn: www.linkedin.com/in/william-stigall-94055823a
+ We utilized a Gold Standard Dataset of 297 samples for Benchmarking and Label 4nformed Reasoning, . s Prompt T
for training the Initial model for Human-Al Teaming. .. Prompt - | | References

 First, you have to inference the base model on your test set and create A

Instruction pairs that contain a prompt, an input, and an output.
* We then train the model on this test set of instruction pairs.
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* Through HELPR we can create not only Instruction Pairs for QLoRA training
but also we can create chosen:rejected pairs for DPO Training, which is a
Reinforcement Learning From Human Feedback (RLHF) Technique, through
this we can better correct mistakes and guide model behavior.

 NEFTune adds noise to the embeddings during the forward pass of
fine-tuning NEFTune has been proven through research to improve
instruction accuracy and reduce overfitting, in this work we use a alpha of 10.

* We perform additional testing on the models on unannotated data with human
annotators to measure the level of agreement on unseen data.
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